& = B i 1T 4 12 6 75 Phr

Institute of Modem Physics, Chinese Academy of Sciences

Automated Pl Parameter Optimization for LLRF Systems: A Comparative

Study of LLM-based and Bayesian Optimization Approaches
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Adjustment Objectives SV VNI AR W
» Goal: Minimize the phase RMS of cavity voltage #¥Ugﬁ%§;]§u@£%{¢ ' =
* Parameters: K}, and W, (two parameters), W,= K; /K,
Expert Experience Guidance v "
1. Consider using historical experience optimal values as reference points: (ES-XFHERER
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) ) . . ) . PSS TIERS
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