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Hyperparameter LSTM TCN
Stack depth (layers/blocks) 8 8
Hidden dimension / channels 128 128
Kernel size - 3
Dilation factors — 20 97

Parameter count ~ 1.01M = 0.95M
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“roas | e | worse | w2 | prosestwse | cordsieney rato

PI-LSTM  0.419 0.773 0.961 0.304 0.328
PI-TCN 0.195 0.335 0.996 0.128 0.483
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Metric Mean Std Median Min Max

Avg. mismatch factor Mg 0.2780 0.1313 0.2441 0.0970 0.6797
Avg. mismatch (X plane) Miyg . 0.1374 0.0635 0.1243 0.0425 0.3348

Loop until convergence

Avg. mismatch (Y plane) M.y, , 0.1406 0.0789 0.1100 0.0308 0.4071
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